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[Abstract]

When an aircraft is landing, it is expected that the aircraft will follow a specified approach procedure and then land at the
airport. However, depending on the airport situation, neighbouring aircraft or the instructions of the air traffic controller, there can
be a deviation from the specified approach. Detecting aircraft approach patterns is necessary for traffic flow and flight safety, and
this paper suggests clustering techniques to identify aircraft patterns in the approach segment. The Gaussian Mixture Model (GMM),
one of the machine learning techniques, is used to cluster the trajectories of aircraft, and ADS-B data from aircraft landing at the
Gimhae airport in 2019 are used. The aircraft trajectories are clustered on the plane, and a total of 86 approach trajectory patterns
are extracted using the centroid value of each cluster. Considering the correlation between the approach procedure pattern and

overshoots, the distribution of overshoots is calculated.
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